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clc; close all; clear all;
count b = 1;
max b = 300;
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load foetal

for i=1:501

if count b <=m
if foetal (i, :
foetal (i, 22
if foetal (i
c 1
end
if
c 2
end
if foetal(i,22) == 3
c3=c3+1;

end

if foetal(i,22) == 4
cd=cd4+1;

end

for k=1:22

b (count b, k) = foetal (i, k);
end

count b = count b+1;

end

end

@

foetal (i, 22) == || foetal(i,22) == [



c 4

classes = b (:,22);

features = b(:,1:20);

DS = dataset (features,classes);
fs = FEATSELF (DS, 'NN',2);

fss = DS *fs;

[train , test] = gendat(fss , 0.33);
[me , co]=meancov (fss);

figure(l) ;plotf (fss);

figure(2) ;plotm(£fss, 3);

figure(3) ;scatterd(fss, 1, 'legend');

figure(4) ;scatterd(fss, 2, 'legend');
getfeatlab (fss)

% [W,ALF] = PCA(DS,2);

%$[W,N] = PCA(DS,ALF);

Sww= DS * W;
Sfigure (5) ;plotf (ww) ;

$figure (6);scatterd (ww, 1) ;
$figure (7);scatterd (ww, 2)
fish = FISHERC(DS)

fishP = DS * fish;
figure(8) ;plotf (fishP);
figure(1ll);scatterd(fishP,1);
figure(12);scatterd(fishP,2);
getfeatlab (fishP)

bayes estimation = nbayesc (me
templ = fss *bayes estimati
figure(13);scatterd(templ) ;i
serrorl = test * testc

o

$maximum liklihood -
max_liklihood =
temp2 = fss * m
figure(15);sg
figure(16)
%error?2

errorl estp(test,1)
figure(17);

subplot (2,1,1);
scatterd(train) ;
plotm(wll) ;
subplot(2,1,2);
scatterd(train) ;

k n3=knnc (train, 3);
k nn3= train *k n3;



figure(18);
subplot (2,1,1);
scatterd(train);
plotm(k_nn3);
subplot (2,1,2);
scatterd(train);
plotm(k nn3,3);
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